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Abstract
With the development of computer technology,
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machine learning has been applied in various
fields. The application of machine learning in
medicine will transform the current medical
model, and using machine learning to solve
the large data in medicine can improve
diagnostic accuracy, guide treatment and
assess prognosis. Computer-based deep
learning has been widely used in intelligent
pathological image diagnosis, and it has
achieved good results in mitosis detection,
nucleus segmentation and detection, and
tissue classification. Histopathologically, well-
differentiated gastric adenocarcinoma has a
high misdiagnosis rate due to a relatively low
degree of abnormality in tissue structure and
cell morphology as well as superficial sampling.
There is no research on the roundness of
glandular cavity in the pathological diagnosis
of early gastric cancer. Roundness measure-
ment can be used to convert the characteristics
of irregular glandular cavity and glandular
cavity expansion into a specific quantitative
index, which is helpful for the pathological
diagnosis.
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(ERFATWRL) BOB 2

AFIR N7 IRIEAE# R i k2%, IR EE S (AR AR E) HEERGES, R FIxHE
FRERMT.

1 EEwEEHE

KA G T A AE & 4 R E B eh . WA R (DIMETCERE KR 2 R ()£ B A LT sl
bR A& IR ZE R 5 )T AR X s I SO A RURR, IR SR 505, IrafEE A
BAZSCAREE AT S CR, SRIESCTT A fG (S HEIRPEE 4 . bk, BaE. AL SO 7 iR fF; il
WAEH N 5T 5 HAEFH IR R, IBEOF A H M, ()P AR STk A5 (6)K A NP 15 & TAF #
B FHETEAS, PRAETCIEE, a2 J U AL AR AR SC, NI EHR AL A 2 5 S AL HER (S (7) R BRI AR
AR i RS L 45 A 1)

2 TRHER

RAGLNATERHE)G, WA T EBS A Te SN I, AT G 3 A0 3 SR R A o R I g3
BRRGEEBS, TEFLATISRNE BN GG FEERE UK BB 15 55 15 A
HEL T RROR B G 4B, [ IR KB 25U B B T R A AR BAELR IR N R G @R [, AR ERT AR AL B

3 RRIY

FWSCRRJEAEE ZAHALAR, SCThfEE A 0 1R AR AS AL A N5 /RS il g Al DAS T
BRI, (ARERRE T (HFAEANAE) X OXE; H0Y): &1k T, g E gy 43 s pr fiAs
NE i B AR S LSS, U (R A8 gadE iAo i A, B s ATy .
G PR SCE AR (P E 2 ARIIRDC AR R BRI A VEE VRO E R (ST
(i LR A SO /R 2 3CH ) R T Uiz E) SFESMHE RSO SR R Gk,
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